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Abstract: The aim of this study is to adapt the Student Expectations of Online Learning Survey Revised [SEOLS-R]
developed by Harris, Larrier and Castano-Bishop (2011) into Turkish. For this purpose, the adaptation process of the scale,
which consists of 7 factors and 43 items in the 5-point Likert structure, started first with the necessary permissions, and then
a translation and cultural adaptation process was carried out. After the cultural adaptation process, the construct validity of
the scale was tested with 411 students who study in distance education programs of Amasya University. After the construct
validity findings, the reliability values of the scale were examined. In line with the findings, it was concluded that the
Turkish version of the SEOLS-R scale is a valid and reliable measurement tool suitable for Turkish culture.
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Oz: Bu calismanin amaci Harris, Larrier ve Castano-Bishop (2011) tarafindan gelistirilen Revize Edilmis Cevrimici
Ogrenmeye iliskin Ogrenci Beklentileri Olgegi’ni (Student Expectations of Online Learning Survey Revised [SEOLS-R])
Tiirkgeye uyarlamaktir. Bu amagla 6zgiin formu 5°li Likert yapida 7 faktér ve 43 maddeden olusan lgegin uyarlanmasi
stireci, ilk olarak gereken izinlerin alinmasiyla baglamig, daha sonra ¢eviri ve kiiltiirel adaptasyon siireci gergeklestirilmistir.
Kiiltiirel adaptasyon siirecinin ardindan Amasya Universitesi’nin uzaktan egitim programlarima devam etmekte olan 411
ogrenci iizerinde 6lgegin yapr gecerligi smanmustir. Yapt gecerligi bulgularinin ardindan 6lgegin giivenirlik degerleri
incelenmistir. Elde edilen bulgular dogrultusunda, SEOLS-R 6l¢eginin Tiirkge formunun, Tiirk kiiltiiriine uygun, gegerli ve
giivenilir bir 6lgme araci olabilecegi sonucuna ulasilmistir.

Anahtar Kelimeler: Cevrimi¢i 6grenme, 6grenci beklentileri, gegerlik ve giivenirlik, 6lgek uyarlama

Tiirkge siiriim igin tiklayiniz

1. Introduction

Many factors in adult students' daily livings, such as family responsibilities, time constraints and overtime
dependencies, lead to the preference of online distance education programs rather than formal education. At this
point, online distance education programs can offer very favorable opportunities to enable such students to study.
Students who enroll in these programs and begin their education, and who have successfully fulfilled the
requirements of the program, can obtain a better future, a better working position, more professional knowledge
or higher academic degrees. However, for these programs, success is not always possible for students who spend
time, money and effort as well as their responsibilities. Dropping out the programs due to unmet expectations,
responsibilities or failure to fulfill the requirements of the program can turn into serious losses both in terms of
the individual's future planning and the academic units such as Distance Education Application and Research
Centers. According to Okur, Pasaoglu-Bas and Uga-Giines (2019), it is one of the reasons for students who do
not have an academic or professional career expectation to give up more easily in the face of adverse events they
encounter, and to leave school or not enroll. Harris, Larrier and Castano-Bishop (2011) emphasize that the
problem of student loss in online learning environments of higher education institutions has attracted the
attention of distance education administrators. In order to prevent these losses, examining the expectations of
students regarding online learning environments may enable them to better understand the dropout action and to
produce solutions. According to Okur et al. (2019), determining the reasons for dropping out of education can
provide important data on the solution of drop out problems. In this way, it is possible to make an inference
whether students' expectations from the programs are realistic, and to what extent the methods, techniques or
materials used by the instructors meet the requirements of the students and programs. Examining and well
determining the interactions between students, their communication with their instructors and the support they
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need during the education process from the registration to graduate can help to prevent students from dropping
out.

The main concern of educators is the increase in the number of students who do not continue their education
even though they have started their education in the process which educators focused on designing, developing
and providing appropriate online learning environments (O’Brien, 2002; Parker, 1999). Generally, distance
education dropout rates are higher than face-to-face education dropout rates. Many students drop out online
classes or try to finish them unsatisfactorily (Keegan, 1990; Morgan & Tam, 1999; Willging & Johnson, 2009).
According to Rovai (2003), the completion rate of the education process can be used as a measure of the quality
of education. While the rate of dropping out campus education is between 15% and 25%, it can be up to 40% in
online courses (Parker, 1999, 2003; Xenos, 2004). The low completion rate of open education and online
distance education programs may be due to student-related reasons such as learner characteristics, motivation,
and satisfaction (Willging & Johnson, 2009), and students' job and family responsibilities (Xenos, Pierrakeas, &
Pintelas, 2002) can prevent them from continuing education.

There are limited number of studies, which handle students’ dropout rates of distance education programs in
Turkey. In these studies, it is seen that the dropout causes are generally studied, but the dropout rates are not
mentioned. In their review study, Okur et al. (2019) stated that dropout factors are about the school and the
program, personal characteristics of the students, and the social environment. Arslan (2018) classified
educational dropout under the headings of internal factors, external factors, preference reasons, personal
characteristics and expectations. However, numeric data are unknown related to dropout rates in Turkey. First,
there is a need for inclusive quantitative data about rates and statistics. Then, it is necessary to examine the
persistence / dropout rates and their causes comparatively.

It is emphasized in the literature that one of the important factors in dropping out online distance education
programs is the inability of students to meet their expectations (Bezerra & Silva, 2017; Laskaris, 2015; Onah,
Sinclair, & Boyatt, 2014). Arslan (2018) has stated that one of the factors causing dropout in Turkish literature is
expectations. At this point, Harris et al. (2011) state that the theoretical framework of the SEOLS-R scale is
based on the Expectation Theory. This theory provides a framework that explains how to confirm to what extent
the expected results of future actions are met (lsaac, Zerbe, & Pitt, 2001). In the context of continuing online
education and not to dropout courses, Expectation Theory corresponds to the extent to which students'
expectations in online courses are met will affect whether students will continue to take online courses. When
student expectations are consistent with lesson experiences, students are more likely to spend time in an online
learning environment. Having knowledge and understanding of student expectations and how these expectations
affect student performance and retention is the first step in developing programs that will help students develop
realistic expectations for online courses.

In this study, Expectation Theory, which is the theoretical basis of the SEOLS-R scale, is based on the study
of Vroom (1964). Later, Porter and Lowler (1968) developed a model on effort-performance relationship.
Although this model is often called the Expectation Theory, it is also known as the VIE theory and is explained
in a sequence of V (valence), | (instrumentality) and E (expectancy) (Isaac, Zerbe, & Pitt, 2001). According to
Vroom (1964), valance is a mental animation-focused value that helps an individual to choose between various
results (Anik, 2007). Instrumentality is a concept that is more suitable for situations where there are intermediate
objectives and focuses on other intermediate objectives in order to achieve an award. According to Anik (2007),
instrumentality shows that one's behavior can be explained by shaping his belief that he can achieve a result that
he believes will be satisfied by a certain set of tools. The concept of expectancy, which is the last basic
component of the Expectation Theory, is the inner prediction, belief or opinion developed by an individual in
order to achieve a goal. Expectation Theory is actually a theory of motivation and behavior. The relationship
between the SEOLS-R scale and Expectation Theory discussed in this study comes from the assumption that
students are more likely to continue and graduate in online programs if their expectations for online education
are met (Harris et al.,, 2011). Therefore, the SEOLS-R scale is a reliable measurement tool measures the
structures that may affect students' continuance to online classes quantitatively (Harris et al., 2011).

Emphasizing that many studies address the reasons for dropping out online distance education programs, but
few studies have examined the relationship between student expectations and dropouts. Harris et al. (2011)
pointed out that a systematic method is needed to fill this gap in the literature. At this point, the SEOLS-R scale
was developed by Harris et al. (2011) in order to determine the expectations of students dropping out online
distance education programs. No other scale has been developed in the literature for this purpose. Although
many scales have been developed or adapted in the literature on topics such as learner readiness, community
feeling, student engagement, motivation, and attitude towards online learning, they will be able to explain the
reasons for dropping out online distance learning programs pointed out by Harris et al. (2011). The lack of a
student expectations scale is an important deficiency. Therefore, the purpose of this research is to adapt the
SEOLS-R scale to Turkish. Since the validity and reliability study of SEOLS-R has not been carried out in
Turkish culture before, the cultural adaptation studies of the scale were made in the context of this study, and
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then its validity and reliability were examined. Adapting such a scale to the Turkish culture is considered
important in terms of having the potential to measure student expectations in online distance education, which is
becoming more and more widespread at national level, and to have the opportunity to take some measures at the
point of dropping out after these expectations are determined.

2. Method

This research is an intercultural scale adaptation study. For this purpose, it was aimed to adapt the scale into
Turkish which is originally developed in English. In this adaptation process, the suitable scale adaptation steps of
Deniz (2007) were followed without changing the order for this study. These steps are explained under this title.

2.1. Participants

In the adaptation process of the SEOLS-R scale, data were collected from 411 students who were attending
to distance education programs of Amasya University. These students enrolled in the Pedagogical Formation
Education Certificate Program and they take all theoretical lessons entirely through online learning. Students
answered the SEOLS-R scale and a short questionnaire consisting of demographic information online. The
students were informed about the fact that their answers will remain confidential, the data will not be used for
any purposes other than this research, and all students are voluntarily participated in the research. 148 (36%) of
the students participating in the study are male and 263 (64%) are female. The age distribution of the participants
varies between 21 and 42, and the average age is 26.06 (standard deviation: 4.11). In terms of marital status,
76% (n=313) of the participants are single and 24% (n=98) are married. While 14% (n=59) of the participants
have previously attended in an online education program, 86% (n=352) have not attended in any online
education program.

2.2. Information about the Original Scale

The theoretical foundations of the SEOLS-R scale are based on the Expectation Theory. Harris et al. (2011)
emphasized that expectations are the basic principles of human behavior and the degree of meeting individual
expectations in various situations effect their latter behavior preferences. According to this view, they state that
the extent to which a student’s expectations are met in the online course will affect whether the student continues
to take the online course. Based on this assumption, the researchers decided that there is a need for an instrument
that can measure students' online learning expectations. The initial version of this instrument has 44 items and its
validity and reliability studies were carried out. For validity study, face validity and content validity were
examined. Item-total correlations and Cronbach alpha internal consistency coefficients were calculated for
reliability. Two panels consisting of students and experts examined the scale and expressed their views for face
validity. For content validity, the opinions of the panel consisting of experts were used as a base. For reliability,
Cronbach alpha internal consistency coefficients of each dimension ranged from .64 to .95. Items with total item
correlations of 0.25 or higher were kept in the questionnaire. After this first pilot study, some items were added
and deleted, thus the scale was revised and reached its final shape consisting of 7 factors and 43 items in a 5-
point Likert structure.

The aim of the SEOLS-R scale developed by Harris et al. (2011) is to measure students' online learning
expectations in terms of proficiency with technology, expectations of the online instructor, expectations about
course content, expectations about social interaction, expectations about course navigation, facilitators associated
with successful online learning, and proficiency with the course delivery system. The proficiency with
technology dimension aims to determine the level of individual's basic skills related to computer usage. An
example item from this dimension is "I am proficient in using a computer on my own". The dimension of
expectations for the online instructor aims to determine the expectations of participants from online instructor
during the teaching process. An example item from this dimension is I expect the course instructor to be clear in
communicating the goals of the course”. Expectations about course content dimension aims to measure students'
expectations about how an online course should be taught. An example from this dimension is "l expect this
online course to provide me with opportunities for active learning”. Expectations about social interaction
dimension includes participants' expectations regarding how social relationships should be in online learning
environment. An example item from this dimension is "I expect that online interactions with my classmates will
be as frequent as face to face interactions". Expectations about course navigation dimension aims to measure
expectations of participants about accessing easily to instructions and materials of the course, making course
topic titles and forum names clear and more comprehensible. An example item from this dimension is "l expect
the course materials to be easy to locate”. The dimension of facilitators associated with successful online
learning aims to determine the level of role of family, friends, positive factors related to online courses and
personal factors that facilitate the success of participants in online learning process. An example item from this
dimension is "I feel that having the support of my friends will enable me to succeed in this course". Finally, the
proficiency with the course delivery system dimension aims to measure the perceptions of participants about how
well they are able to use the features of online learning environments such as sending text messages, uploading
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assignments and using discussion forums. An example item for this dimension is "I am proficient in using the
Drophox feature in the courseroom”. SEOLS-R is an instrument consisting of 7 sub-dimensions as mentioned
above. Participants indicate their approval levels to the statements in each sub-dimension by marking one of the
options extending from Strongly Disagree (1) to Strongly Agree (5). High scores from each sub-dimension
means that the participants' evaluations regarding the related sub-dimension are positive or their expectations are
high. A minimum score of 43 and a maximum of 215 can be obtained from the scale.

2.3. Preparation of the Turkish Form of the Scale

In order to adapt the SEOLS-R, the owners of the scale were first contacted via e-mail and the necessary
permission was obtained to adapt the scale. In the second stage, the translation process of the scale was carried
out. Steps suggested by Brislin (1970) were followed in the translation process of the scale. The original scale
was translated into Turkish by researchers at first. Subsequently, a back-translation process was carried out by
another researcher working in the Department of Computer Education and Instructional Technologies and who
has knowledge of the Turkish and English languages, also has knowledge about scale development and
adaptation studies. This researcher has the experience of teaching online in distance education, and also has a
manager role in Distance Education Application and Research Center. In the third stage, the draft scale that was
translated back was compared with the original scale, and a limited number of items that could not be reconciled
was re-translated. Then, another researcher who is not familiar with the research subject but fluent in the English
language translated back the items in the scale and compared with the original ones. At the end of this process, it
was seen that the items with reverse translation process and the items in the original scale were the same. At this
point, it has been seen that there is no semantic or conceptual equivalence lack between languages in the sense of
terms or concepts. Following the linguistic adaptation of SEOLS-R to the Turkish language, the validity and
reliability of the scale were examined.

2.4. Data analysis

Confirmatory factor analysis was performed to examine the construct validity of SEOLS-R. Two types of
factor analysis are frequently used in the literature to test the construct validity of the scales (Brown, 2015;
Harrington, 2009). These are exploratory factor analysis and confirmatory factor analysis. Exploratory factor
analysis is a multivariate statistical method used by researchers to determine the factor structure of the scales in
which they previously had little or no knowledge of the factor structure, in other words, to develop a theoretical
structure, whereas confirmatory factor analysis is a multivariate statistical method used to test whether an
existing theoretical structure is similar in a different sample or culture (Brown, 2015). The factor structure of the
scale is not known in exploratory factor analysis. In confirmatory factor analysis, it is aimed to determine
whether a known factor structure is similar in a different culture or sample. Similarly, in this study, confirmatory
factor analysis was used to determine whether the factor structure determined by SEOLS-R by Harris et al.
(2011) is similar in Turkish culture.

In this study, Mplus (Muthén & Muthén, 2011) program was used in conducting confirmatory factor
analysis. The responses of the participants to the SEOLS-R items were analyzed using the Weighted Least
Squares Means and Variance Adjusted (WLSMYV). The researchers state that the maximum likelihood estimation
method, which is frequently used in confirmatory factor analysis, can produce inaccurate results when used with
sorting scale items that do not show normal distribution or have a limited number of response categories (Finney
& DiStefano, 2006). In the literature, it is stated that WLSMV prediction method offers more accurate factor
loading value estimates, more accurate goodness-of-fit indices in Likert type scales with a limited number of
answering categories, and also perform better in samples which are small and does not show normal distribution
(Beauducel & Herzberg, 2006). In this context, WLSMYV estimation method was used in this study, considering
that SEOLS-R items consist of Likert type scale items with a limited number of answering categories. In the
confirmatory factor analysis, the model-data fit of the model tested is examined through the goodness of fit
indexes. The Mplus program creates four different goodness of fit indices that are recommended to be reported
when using the WLSMV prediction method (McDonald & Ho, 2002). These are the normed chi-square (NC)
(ledf), The Root Mean Square Error of Approximation (RMSEA), Comparative Fit Index (CFI), Non Normed
Fit Index [NNFI] or Tucker-Lewis Index [TLI]). TLI is also known as NNFI in the literature (Cangur & Ercan,
2015). Little (2013) states that TLI index is reported in Mplus software and NNFI is reported in LISREL
software, although both are developed by different research groups at different times, the preference belongs to
the authors during their use in researches.

As a general rule to evaluate model-data fit in the literature, x*/df value is greater than 2 and less than or
equal to 5 (2<y?/df<5), RMSEA value is between .05 and .08 (0.05<RMSEA<0.08) indicates acceptable fit. On
the other hand, acceptable fit values for CFI and TLI values are .90 and above (Hu & Bentler, 1999; Kline, 2011;
Marsh, Balla, & McDonald, 1988; McDonald & Marsh, 1990). Perfect fit values for the above indices are below
2 for x*/df ratio, .95 and above for CFI and TLI, .05 and below for RMSEA (Hu & Bentler, 1999; Kline, 2011;
Marsh et al., 1988; McDonald & Marsh, 1990).
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Before analyzing the data by confirmatory factor analysis, the collected data were examined. Whether data
extraction is required is considered. Since the data were collected online, all questions were answered. Therefore,
there is no missing data. Since there is no outlier in the data set, no data extraction was made. The collected data
set is included in the analysis as it is.

Before the factor analysis, Kaiser-Meyer-Olkin (KMQO) Sampling Adequacy Test and Bartlett's Sphericity
Test were carried out to test the adequacy of the sampling for analysis. It was found that KMO value is .856 and
¥’=8877.664; p <.05. These statistics indicate that the data can be factored, and the sample size is adequate.

The reliability of SEOLS-R was analyzed through item total correlations, Cronbach Alpha internal
consistency coefficients and composite reliability coefficients.

3. Findings

In this section, firstly, the construct validity findings of the Turkish form of the SEOLS-R scale, and then the
reliability findings are presented.

3.1. Validity Findings

Confirmatory factor analysis was performed to determine whether the seven-factor structure of SEOLS-R
proposed by Harris et al. (2011) is also valid for Turkish culture. Before conducting confirmatory factor analysis,
factor variances of each item were fixed to 1 and factors were allowed to be related in order to identify the
model. The reason for this is to provide an opportunity to be scaled for each structure in the scale and prevent
scale uncertainty. According to Brown (2015), fixing factor variances to 1 defines the model and parameter
estimates allow to reproduce the input matrix perfectly. As a result of the confirmatory factor analysis
performed, the data fit of the tested model was found to be acceptable [x%(839): 1865.877, y*/df: 2.224, CFI:
.938, TLI: .934, RMSEA: .055, RMSEA 90% Confidence Interval Lower Limit: .051, RMSEA 90% Confidence
Interval Upper Limit: .058]. These fit values are one-time fit values without any modification.

Table 1. Results of confirmatory factor analysis

A S.E. Z R
PT (Factor 1)
11 779 .036 21.940 .607
12 .768 .033 23.258 591
13 .908 .026 34.378 .825
14 .894 .020 44.473 .800
15 .883 .030 29.826 .780
16 .943 .018 52.576 .890
17 .898 .026 33.961 .806
EOI (Factor 2)
18 673 .047 14.312 453
19 783 .044 17.784 .613
110 740 .040 18.362 .548
111 174 .045 17.272 599
112 718 .041 17.400 516
113 782 .037 20.851 611
114 .898 .023 39.316 .807
115 .946 .026 36.633 .895
116 524 .049 10.682 275
ECC (Factor 3)
117 .693 .045 15.232 480
118 .789 .037 21.076 .622
119 .636 .036 17.588 405
120 578 .038 15.081 .334
121 .760 .029 26.498 577
122 773 .032 24.328 597
123 .798 .028 28.338 .637
ESI (Factor 4)
124 .808 .023 35.243 .653
125 .819 .064 12.827 671
126 .856 .017 49.221 732
127 .908 .017 53.869 .825
128 .845 .021 39.956 714

442



Adaptation of the Student Expectations of Online Learning Survey Revised (SEOLS-R) into Turkish

Table 1 continued

A S.E. z R
ECN (Factor 5)
129 .764 .043 17.829 .584
130 792 .033 23.854 .627
131 .854 .030 28.387 .730
132 .818 .043 18.997 .669
133 .867 .034 25.171 752
FSOL (Factor 6)
134 .785 .030 26.339 .616
135 773 .029 26.961 598
136 .696 .034 20.233 484
137 510 .048 10.670 .260
138 .967 .013 72.752 .936
139 .940 .015 64.782 .884
PCDS (Factor 7)
140 .846 .022 38.895 715
141 .887 .016 54.929 787
142 .916 .014 63.437 .838
143 .835 .022 37.598 .698

Note: PT: Proficiency with technology, EOI: Expectations for the online instructor, ECC: Expectations about course content, ESI:
Expectations about social interaction, ECN: Expectations about course navigation, FSOL: Facilitators associated with successful online
learning, PCDS: Proficiency with the course delivery system. All critical values are at least significant at p <.001 level.

Table 1 shows the item factor loading values, standard errors of the item factor load values, critical values
and R? values obtained as a result of confirmatory factor analysis. R? values are the amount of variance in the
item described by the model tested (Kelloway, 2015).

As can be seen in Table 1, the standardized item factor loading values in proficiency with technology sub-
dimension ranged between .78 and .94, in expectations for the online instructor sub-dimension ranged between
.67 and .95, in expectations about course content sub-dimension ranged between .58 and .80, in expectations
about social interaction sub-dimension ranged between .81 and .91, in expectations about course navigation
sub-dimension ranged between .76 and .87, in facilitators associated with successful online learning sub-
dimension ranged between .51 and .97, in proficiency with the course delivery system sub-dimension ranged
between .84 and .92. All z values for the 7-factor model are at least significant at p <.001. It is also seen that R?
values vary between .26 and .94. When these findings are evaluated as a whole, it indicates that the scale shows
a good fit for the seven-factor structure. The factor loadings of the Turkish equivalent form of the SEOLS-R
scale are presented in Figure 1.
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Figure 1. Factor loadings of the Turkish equivalent form of the SEOLS-R scale
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3.2. Reliability Findings

Following the construct validation of the SEOLS-R, its reliability was examined with item total correlations,
Cronbach Alpha internal consistency coefficients and composite reliability coefficients. Table 2 shows the item
total correlations and Cronbach Alpha internal consistency coefficients of each sub-dimension.

Table 2. SEOLS-R item total correlations and Cronbach Alpha internal consistency coefficients

r r
PT (Factor 1) EOI (Factor 2)
11 .59 18 40
12 .60 19 51
13 71 110 51
14 .69 111 .54
15 .65 112 49
16 .70 113 .56
17 .61 114 .55
Cronbach Alpha (o) .86 115 51
116 .33
Cronbach Alpha (o) a7
ECC (Factor 3) ESI (Factor 4)
117 .40 124 .68
118 .53 125 .20
119 .48 126 74
120 A7 127 .80
121 .63 128 .70
122 .55 Cronbach Alpha (o) .83
123 .64
Cronbach Alpha (o) .79
ECN (Factor 5) FSOL (Factor 6)
129 42 134 .46
130 49 135 44
131 .63 136 .46
132 .50 137 .34
133 .63 138 .61
Cronbach Alpha (o) 74 139 .56
Cronbach Alpha (a) 74
PCDS (Factor 7)
140 .69
141 .78
142 .83
143 .69
Cronbach Alpha (o) .88

Note: PT: Proficiency with technology, EOI: Expectations for the online instructor, ECC: Expectations about course content, ESI:
Expectations about social interaction, ECN: Expectations about course navigation, FSOL: Facilitators associated with successful online
learning, PCDS: Proficiency with the course delivery system. r = item total correlations.

As can be seen in Table 2, item total correlations of proficiency with technology sub-dimension ranged
between .59 and .71, expectations for the online instructor sub-dimension ranged between .33 and .66,
expectations about course content sub-dimension ranged between .40 and .64, expectations about social
interaction sub-dimension ranged between .20 and .80, expectations about course navigation sub-dimension
ranged between .42 and .63, facilitators associated with successful online learning sub-dimension ranged
between .34 and .61, proficiency with the course delivery system sub-dimension ranged between .69 and .83.
Researchers suggest that item total correlations should be at least .20 and above (Biiyiikoztiirk, 2010; Nunnally
& Bernstein, 1994). The positive and high item total correlations mean that the item shows similar behaviors and
the internal consistency of the test is high (Alis, 2017). In this context, when item total correlations of SEOLS-R
sub-dimensions are examined, it can be said that all items have sufficient item total correlation. Cronbanch
Alpha internal consistency coefficients of the SEOLS-R sub-dimensions are as below; proficiency with
technology is .86, expectations for the online instructor is .77, expectations about course content is .79,
expectations about social interaction is .83, expectations about course navigation is .74, facilitators associated
with successful online learning is .74, proficiency with the course delivery system is .88. As a rule, researchers
state that instruments with Cronbach Alpha internal consistency coefficient of .70 and above can be used for
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research purposes (DeVellis, 2012; Nunnally & Bernstein, 1994). In this context, it can be said that all sub-
dimensions of the scale can be used for research purposes.

Total scores and correlation values between the factors of the SEOLS-R scale are presented in Table 3.

Table 3. Total scores and correlation values between the factors of the SEOLS-R scale (N=411)

Factors PT EOI ECC ESI  ECN FSoL PCDS Total

Scores
PT 8707 467"
EOI 262" 7697 641"
ECC 077 432" 722" 741"
ESI 044 304" 620" .848™ 680"
ECN 192" 483" 3167 3217 820" 568"
FSOL 143" 206" 351" 359" 286" 7937 637"
PCDS 457" 297" 3307 2117 232" 310" 872" 652"

Note: PT: Proficiency with technology, EOI: Expectations for the online instructor, ECC: Expectations about course content, ESI:
Expectations about social interaction, ECN: Expectations about course navigation, FSOL: Facilitators associated with successful online
learning, PCDS: Proficiency with the course delivery system.

“p<.01 (2 tailed) ™ Square root of the average variance explained

According to the Table 3, relation between proficiency with technology (PT) and expectations about course
navigation (ECN) shows a medium-Ilevel relation with total scores, while there is a high-level relation between
other factors and total scores. When the correlations between the structures were analyzed, it can be found that
all correlations are positive, only the relations between expectations about course content (ECC) and
expectations about social interaction (ESI) factors with proficiency with technology are not statistically
significant, and all other relationships are significant at the level of p <.01. The diagonal values of the correlation
matrix shown in Table 3 represent the square root of the average variance explained. Fornell and Larcker (1981)
stated that the discriminant validity can be achieved by the square root of the average variance explained for
each structure is larger than the correlations between that structure and other structures. When Table 3 is
examined according to this point of view, it can be said that discriminant validity is provided because the square
root of the variance explained in relation to all structures is larger than the correlations between that structure
and other structures.

Average variance explained and composite reliability coefficients of SEOLS-R scale factors are presented in
Table 4.

Table 4. Average variance explained and composite reliability coefficients of SEOLS-R scale factors

Factors Average Variance Explained Composite Reliability Coefficients
PT 757 .956
EOI 591 927
ECC 522 .883
ESI 719 927
ECN 672 911
FSOL .629 .908
PCDS .760 .927

Note: PT: Proficiency with technology, EOI: Expectations for the online instructor, ECC: Expectations about course content, ESI:
Expectations about social interaction, ECN: Expectations about course navigation, FSOL: Facilitators associated with successful online
learning, PCDS: Proficiency with the course delivery system.

According to the Table 4, the average variance explained vary between .522 and .760. For the convergent
validity, based on the values of average variance explained and factor loadings for each item are greater than .50
criteria as Fornell and Larcker (1981) suggested; the factor loadings shown in Table 2 and the values of average
variance explained seen in Table 4 are greater than .50, so the convergent validity is provided. As seen in Table
4, the composite reliability coefficients vary between .883 and .956. Since these values exceed the critical value
determined as .60 by Bagozzi and Yi (1988), it can be said that construct reliability is provided. Ensuring
construct validity and reliability means that the adapted SEOLS-R scale is valid and reliable. The final form of
the SEOLS-R scale, which was finalized after validity and reliability studies, is presented in Appendix 1.

4, Results and Recommendations

In this study, the SEOLS-R scale developed by Harris et al. (2011) is adapted to Turkish culture. It has been
tested whether the proposed seven-factor structure of the scale is also valid for Turkish culture, and as a result of
the findings, it was decided that there is a cultural compatibility and SEOLS-R can be used as a data collection
instrument in Turkish studies. All dimensions of the scale are shown in Figure 2.
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Figure 2. Schematic representation of SEOLS-R's factor structures

When the goodness of fit indices of the SEOLS-R scale are examined, x*(839) value is 1865.877, ¥*/df ratio
is 2.224, CFI value is .938, TLI value is .934, RMSEA value is .055, 90% confidence interval lower limit value
of RMSEA is .051 and 90% confidence interval upper limit value of RMSEA is .058. When these goodness of fit
indices are analyzed according to the values reported in the studies of Bentler (1990), Schermelleh-Engel,
Moosbrugger and Miiller (2003), Bentler and Bonett (1980), and Hu and Bentler (1999), they are acceptable and
corresponds to a good fit. When the Cronbach Alpha internal consistency coefficients for each dimension of the
scale and the Cronbach Alpha internal consistency coefficient (.897) for the entire scale are examined, it can be
said that the reliability of the scale is also provided. Cronbach Alpha internal consistency coefficients of the
original scale are also known to vary between .64 and .95 on the basis of dimensions.

It may be suggested to test this instrument in different studies occasionally and to test its validity and
reliability again. In addition, although this measurement tool is adapted to Turkish culture with cross-sectional
data collected at a certain time, it is useful to measure student expectations regarding online learning
environments in order to determine its relationship with other variables.

In order for the contribution of this scale adaptation process to be more meaningful and useful, the individual
expectations to be measured with SEOLS-R in future studies should be associated with academic performance,
persistency of learning, course completion or dropout rates. With the results obtained from SEOLS-R, directors
of online distance education programs, course designers, and instructors of online courses can develop strategies
for the development of online courses towards students’ expectations.

This scale adaptation study has been done on adult students. One of the limitations of this research is the
difference between students which take online courses, and which did not take is not examined, so validity and
reliability studies on a mixed group is not carried on. In future studies, it may be suggested to use this scale and
re-examine its psychometric properties in two different groups in order to measure the differences in
expectations among professional and novice online learners. It may be possible to adjust the group dynamics by
determining the differences between the expectations of students with professional online learning experience
and those of novice students.

No detailed research has been found in the national literature on dropout statistics and comparison of these
statistics with reasons of dropout. With this scale, more descriptive data can be obtained by making quantitative
reviews.
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Appendix 1. Student Expectations of Online Learning Survey Revised (SEOLS-R) Scale (Turkish
Version)

Likert Rating of the Scale

&
<«

v

1: Strongly Disagree, 2: Disagree, 3: Neutral, 4: Agree, 5: Strongly Agree

Dimensions and Items
Proficiency with Technology

1.1 am proficient in using a computer on my own.

2.1 am proficient in using a word processing software program like Microsoft Word on my own.
3.1 am proficient in using email on my own.

4.1 am proficient in attaching files to email messages on my own.

5.1 am proficient in using the internet on my own.

6.1 am proficient in doing internet searches for personal reasons on my own.

7.1 am proficient in doing internet searches for school work on my own.

Expectations for the Online Instructor

8.1 expect the course instructor to be clear in communicating the goals of the course.

9.1 expect the course instructor to be clear in communicating expectations of me.

10. 1 expect the course instructor to post course requirements within an agreed upon time.
11. 1 expect the course instructor to provide constructive feedback on assignments

12. | expect the course instructor to have a consistent presence in the discussion forums.
13. I expect the course instructor to promote a supportive online learning environment.
14. | expect the course instructor to have an appropriate online tone.

15. I expect the course instructor to be responsive to students’ tone in the course room.
16. | expect the course instructor to provide instructor contact information to students.

Expectations about Course Content

17. 1 expect this online course to be as rigorous as face to face courses.

18. | expect this online course to provide me with opportunities for active learning.

19. | expect this online course to provide me with opportunities for large group discussion.
20. 1 expect this online course to provide me with opportunities for small group discussion.
21. | expect this online course to provide me with opportunities for self- reflection.

22. | expect this online course to provide me with opportunities to relate theory to real life.
23. | expect this online course to require thoughtful discussion postings rom students.

Expectations about Social Interaction

24. | expect this online course to provide me opportunities to meet new people.

25. | expect peer comments to be made in a respectful manner.

26. | expect that online interactions with my classmates will be as frequent as face to face interactions.
27. | expect to have as many opportunities to get to know my classmates online as | would face to face.
28. | expect to feel positive about online interaction with my peers.

Expectations about Course Navigation

29. | expect the course delivery system to be easy to navigate.
30. I expect the course forum names to be clearly stated.

31. I expect the course topic titles to be clearly stated.

32. | expect the course materials to be easy to locate.

33. | expect the course instructions to be clearly stated.

Facilitators associated with successful online learning

34. | feel that effective time management will enable me to succeed in this course.

35. | feel that being an independent learner will enable me to succeed in this course.

36. | feel that this online course provides me with flexibility to succeed in this course.

37. | feel that having the support of my family will enable me to succeed in this course.

38. | feel that having the support of my friends will enable me to succeed in this course.

39. | feel that having a positive home environment will enable me to succeed in this course.

Proficiency with the course delivery system

40. I am proficient in using the “Message” feature in the courseroom.
41. I am proficient in using the “Dropbox” feature in the courseroom.
42. I am proficient in using the “Discussion Forum” feature in the courseroom.
43. T am proficient in using the “Resource” feature in the courseroom.
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Revize Edilmis Cevrimici Ogrenmeye iliskin Ogrenci Beklentileri Ol¢eginin (SEOLS-R)
Tiirkceye Uyarlanmasi

1. Giris

Yetigkin 6grencilerin yasamlarinda var olan, ailevi sorumluluklar, zaman kisithlig1 ve mesai baglayiciligi
gibi ¢ok sayida etken, orgiin egitimden ziyade ¢evrimigi uzaktan egitim programlarinin tercih edilmesine neden
olmaktadir. Bu noktada ¢evrimi¢i uzaktan egitim programlari, bu tiir 6grencilerin egitim almalarina olanak
saglamaya doniik oldukga elverigli imkanlar sunabilmektedir. Bu programlara kayit olup 6grenime baglayan ve
programin gerekliliklerini yerine getirip basariyla mezun olan 6grenciler, daha iyi bir gelecek, daha iyi bir
¢alisma pozisyonu, daha ¢ok mesleki bilgi veya daha yiiksek akademik derece elde edebilmektedirler. Ne var ki,
bu programlar i¢in, sorumluluklarinin yani sira zaman, para ve ¢aba sarf eden 6grenciler i¢in basar1 her zaman
miimkiin olamamaktadir. Programlarin, karsilanmayan beklentiler, sorumluluklar ya da programin
gerekliliklerini yerine getirememe gibi nedenlerle terk edilmesi, hem 6grencinin bireysel gelecek planlamasi
acisindan hem de bu programlart sunan Uzaktan Egitim Uygulama ve Arastirma Merkezleri (UZEM) gibi
akademik birimler agisindan ciddi kayiplara doniisebilmektedir. Okur, Pasaoglu-Bas ve Uga-Giines’e (2019)
gore akademik veya mesleki kariyer beklentisi olmayan 6grencilerin karsilagtiklar1 olumsuz olaylar kargisinda
daha kolay vazgegmeleri, okul birakma veya kayit yaptirmama sebeplerinden biridir. Harris, Larrier ve Castano-
Bishop (2011) yiiksekdgretim kurumlarindaki ¢evrimigi 6grenme ortamlarmda 6grenci kayb1 sorununun uzaktan
egitim yOneticilerinin dikkatini ¢ektigini vurgulamaktadir. Bu kayiplarin oniine gegebilmek icin 6grencilerin
gevrimigi 6grenme ortamlarna iliskin beklentilerinin incelenmesi, terk eylemini daha iyi anlamaya ve ¢6ziimler
iretebilmeye olanak saglayabilir. Okur ve arkadaslarina (2019) gdre, 6grenimi birakma nedenlerinin
belirlenmesi, birakma, ara verme ya da terk etme sorunlarinin ¢oziimii noktasinda 6nemli veriler saglayabilir. Bu
sayede, Ogrencilerin programlardan beklentilerinin gercekci diizeyde olup olmadifi, cevrimi¢i ortamlarda
egiticilerin kullandiklar1 yontem, teknik veya materyallerin, 6grencilerin ve programlarm gerekliliklerini ne
diizeyde karsiladigi 6grenilebilir. Ogrencilerin kayittan, egitimi terk etmelerine kadar olan zaman i¢inde kendi
aralarindaki etkilesimleri, egitmenleriyle olan iletisimleri ve egitim siiresince ihtiya¢ duyduklar1 desteklerin
incelenmesi ve iyi belirlenmesi, 6grencilerin egitimi terk etmelerini dnlemeye yardime1 olabilir.

Uygun c¢evrimi¢i 0grenme ortamlarinin tasarlanmasi, gelistirilmesi ve igeriklerin teminine odaklanilan
sliregte, egitimine bagladigi halde devam etmeyip birakan 6grencilerin sayisindaki artig, egitimeilerin temel
kaygilardandir (O’Brien, 2002; Parker, 1999). Genellikle uzaktan egitimi terk oranlari, yliz yiize egitimi terk
oranlarindan daha yiiksektir. Birgok 6grenci ¢evrimicgi dersleri terk etmekte veya memnuniyetsiz bir sekilde
bitirmeye ¢alismaktadir (Keegan, 1990; Morgan ve Tam, 1999; Willging ve Johnson, 2009). Rovai’ye (2003)
gore egitim silirecinin tamamlama orani, egitimin kalitesi hakkinda bir 6lgiit olarak kullanilabilir. Kampis i¢i
egitimi terk oran1 %15 ile %25 arasinda iken, ¢evrim i¢i derslerde %40’lara kadar ¢gikabilmektedir (Parker, 1999,
2003; Xenos, 2004). Ac¢ikdgretim ve ¢evrimigi uzaktan egitim programlarmin tamamlama oranlarmin diisiik
olmast 6grenen ozellikleri, motivasyon, memnuniyet gibi 6grenciye bagli nedenlerden (Willging ve Johnson,
2009) kaynaklanabilirken, 6grencilerin is ve aile sorumluluklari da (Xenos, Pierrakeas ve Pintelas, 2002) egitime
devam etmelerine engel olabilmektedir.

Tiirkiye’de 6grencilerin uzaktan egitim programlarini terk etme oranlarini ele alan sinirl sayida arastirma
vardir. Bu arastirmalarda genel olarak terk nedenlerinin ele alindigi, ama terk etme veya birakma oranlarina
deginilmedigi gorilmektedir. Okur ve arkadaslarmmn (2019) derleme nitelikli ¢aligmalarinda okuldan ve
programdan kaynaklanan faktorler, 6grencinin kisisel 6zelliklerinden kaynakli faktorler ve sosyal ¢evreden
kaynakli faktorlere deginilmistir. Arslan (2018) ise egitim terkini, igsel faktorler, dissal faktorler, tercih nedeni,
kisisel 6zellikler ve beklentiler basliklartyla siiflamistir. Fakat Tiirkiye’de egitim terkine iliskin sayisal veriler
bilinmemektedir. Oncelikle oranlar ve istatistikler {izerine kapsayic1 nicel verilere gereksinim vardir. Daha sonra
egitimi siirdiirme / birakma oranlar1 ve nedenlerinin karsilastirmali olarak incelenmesine ihtiya¢ duyulmaktadir.

Alanyazinda ¢evrimi¢i uzaktan egitim programlarinin terk edilmesinde 6nemli rolii olan faktorlerden birinin
ogrencilerin beklentilerinin karsilanamamasi oldugu vurgulanmaktadir (Bezerra ve Silva, 2017; Laskaris, 2015;
Onah, Sinclair ve Boyatt, 2014). Ulusal alanyazinda da terke neden olan faktérlerden birisinin beklentiler oldugu
Arslan (2018) tarafindan dile getirilmektedir. Tam bu noktada Harris ve arkadaslarmin (2011), gelistirdikleri
SEOLS-R dlgeginin kuramsal gergevesinin Beklenti Kuramina temellendigini ifade etmektedirler. Bu kuram,
gelecekteki eylemlerin beklenen sonuglarmnin ne 6lgiide karsilandiginin nasil dogrulanacagmi agiklayan bir
gergeve saglamaktadir (Isaac, Zerbe ve Pitt, 2001). Cevrimi¢i egitimi siirdiirme, derslerden vazgegmeme
baglaminda Beklenti Kurami, 6grencilerin ¢evrimigi derslerdeki beklentilerinin ne o6lgiide karsilandignin
ogrencilerin gevrimici dersleri almaya devam edip etmeyeceklerini etkileyecegine karsilik gelmektedir. Ogrenci
beklentileri ders deneyimleriyle tutarli oldugunda, 6grencilerin ¢evrimigi 6grenme ortamunda kalmalari daha
olasidir. Ogrenci beklentileri hakkinda bilgi ve anlayisa sahip olmak ve bu beklentilerin dgrenci performansini
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ve kaliciligini nasil etkiledigi, 6grencilerin ¢evrimici kurslar i¢in gercekci beklentiler gelistirmelerine yardime1
olacak programlar gelistirmenin ilk adimudir.

Bu arastirmada SEOLS-R o6l¢eginin kuramsal temelinin dayandigi Beklenti Kurami, Vroom’un (1964)
caligmasina temellenmektedir. Daha sonra Porter ve Lowler (1968) tarafindan ¢aba-performans iligkisi {izerine
bir model gelistirilmistir. Bu model genellikle Beklenti Kurami olarak adlandirilmakla birlikte, VIE kurami
olarak da bilinmektedir ve V deger (valence), I aragsallik (instrumentality) ve E beklenti (expectancy) seklinde
bir siralamayla agiklanmaktadir (Isaac ve ark., 2001). Vroom’a (1964) gore valance, bir bireyin ¢esitli sonuglar
arasinda se¢im yapmasina yardimei eden zihinsel canlandirma odakli bir degerdir (Anik, 2007). Aragsallik ise,
ara amaglarin oldugu durumlar i¢in daha uygun diisen, bir 6diile ulasabilmek i¢in bagka ara amaglara odaklanan
bir kavramdir. Anik’a (2007) gore aragsallik, kisinin tatmin olacagmna inandig1 bir sonuca belirli birtakim araglar
sayesinde ulasabilecegi inancint bi¢imlendirerek, onun davranigini gekillendirilebilecegini gostermektedir.
Beklenti Kurammin son temel bileseni olan beklenti kavrami ise, bir bireyin bir amaca ulagabilmek igin
kendisinde gelistirdigi i¢sel ongoril, inang veya kanaattir. Beklenti Kurami aslinda, bir motivasyon ve davranig
kuramuidir. Bu arastirmada ele alimnan SEOLS-R 6l¢egi ile Beklenti Kurammin iliskisi, ¢evrimigi egitime iliskin
beklentilerinin karsilanmasi durumunda, dgrencilerin ¢evrimi¢i programlarda devam etme ve mezun olma
olasiliklarinin daha yiiksek oldugu varsayimindan gelmektedir (Harris ve ark., 2011). Dolayisiyla SEOLS-R
Olgegi, ogrencilerin ¢evrimigi derslere devam etmeleri tizerinde etkisi olabilecek yapilar1 nicel olarak 6lgebilecek
yapida giivenilir bir 6lgme aracidir (Harris ve ark., 2011).

Pek c¢ok galigmanin ¢evrimigi uzaktan egitim programlarini terk etme nedenlerini ele aldigini ama ¢ok az
sayida caligmada Ogrenci beklentileri ile terk etme arasindaki iliskinin incelendigini vurgulayan Harris ve
arkadaglar1 (2011), alanyazindaki bu boslugu dolduracak sistematik bir yonteme ihtiya¢ olduguna dikkati
cekmislerdir. Tam bu noktada, ¢evrimi¢i uzaktan egitim programlarini terk eden dgrencilerin ¢evrimici ders
ogelerine iligkin beklentilerini belirleyebilmek amaciyla Harris ve arkadaglar1 (2011) tarafindan SEOLS-R 6lgegi
gelistirilmistir. Alanyazinda bu amacla gelistirilmis bagka bir dlcege rastlanmamistir. Cevrimici 6grenmeye
iliskin 6grenen hazir bulunuslugu, topluluk hissi, 6grenci bagliligi, motivasyonu, tutumu gibi konularda
alanyazinda pek c¢ok Olgek gelistirilmis veya uyarlanmis olsa da Harris ve arkadaslarinin (2011) isaret ettigi,
¢evrimigi uzaktan egitim programlarini terk etme nedenlerini agiklayabilecek bir 6grenci beklentileri dlgeginin
olmayisi 6nemli bir eksikliktir. Buradan hareketle bu arastrmanin amaci, SEOLS-R 6lgegini Tiirkgeye
uyarlamaktir. SEOLS-R’nin  gegerlik ve giivenirlik c¢alismasi daha once Tiirk kiiltiiriinde
gerceklestirilmediginden bu ¢aligma baglaminda ilk olarak &lgegin kiiltiirel adaptasyon g¢alismalart yapilmis,
daha sonra gecerlik ve giivenirligi incelenmistir. Tiirk kiiltiiriine boyle bir 6lcegin kazandirilmasi, ulusal diizeyde
giderek yayginlasan cevrimi¢i uzaktan egitimlerde &grenci beklentilerinin 6lgiilebilmesi ve bu beklentiler
belirlendikten sonra egitim terki noktasinda bazi tedbirler alinabilmesine firsat sunabilecek potansiyele sahip
olunmas1 bakimindan énemli goriilmektedir.

2. Yontem

Bu aragtirma kiiltiirleraras1 bir 6lgek uyarlama calismasi niteligi tasimaktadir. Bu amagla 6zgiin sekli
Ingilizce dilinde gelistirilen 6lgegin Tiirkce’ye uyarlanmasi amaglanmustir. Bu uyarlama siirecinde Deniz (2007)
tarafindan siralanan 6lgek uyarlama adimlarindan bu ¢alisma icin uygun olanlari, siralama degistirilmeden
izlenmistir. S6z konusu asamalar bu baslik altinda agiklanmaktadir.

2.1. Katihmecilar

SEOLS-R &lgeginin uyarlama siirecinde veri toplanan grup, Amasya Universitesinin uzaktan egitim
programlarina devam etmekte olan 411 6grenciden olugmaktadir. Bu 6grenciler Pedagojik Formasyon Egitimi
Sertifika Programma kayithh Ogrencilerdir ve teorik dersleri tamamen cevrimi¢i 6grenme ile almaktadirlar.
Ogrenciler SEOLS-R 6lgegini ve demografik bilgilerden olusan kisa anketi ¢evrimici ortamda cevaplanislardir.
Ogrencilere verdikleri cevaplarm gizli kalacagi, verilerin arastirma amaci diginda kullanilmayacag: hakkinda
bilgi verilmis ve tlim &grencilerin arastrmaya goniilli olarak katilmalari saglanmistir. Arastirmaya katilan
ogrencilerin 148’1 (%36) erkek ve 263’4 (%64) kadindir. Katilimcilarm yag dagilimi 21 ile 42 arasinda
degismekte olup, yas ortalamalart ise 26.06’dwr (standart sapma: 4.11). Medeni durum acisindan ise
katilimcilarin %76°s1 (n=313) bekar ve %24’ (n=98) evlidir. Katilimcilarin %14’ (n=59) daha dnce ¢evrimigi
bir egitim programina katilmigken, %86°s1 (n=352) herhangi bir ¢evrimi¢i egitim programina katilmamustir.

2.2. Ozgiin Olgege iliskin Bilgiler

SEOLS-R 6lgeginin  kuramsal temelleri Beklenti Kurami’na dayanmaktadir. Beklentilerin, insan
davraniglarinin temel ilkelerinden oldugunu ve bireysel beklentilerin g¢esitli durumlarda kargilanma derecesinin,
bir kiginin sonraki davranis tercihlerini de etkileyecegini vurgulayan Harris ve arkadaslar1 (2011), bu anlayistan
hareketle, bir 6grencinin ¢evrimi¢i derste beklentilerinin ne derece karsilandiginin, 6grencinin ¢evrimigi dersi
almaya devam edip etmeyecegini etkileyecegini ifade etmektedirler. Arastirmacilar bu varsayimdan hareketle,
ogrencilerin ¢evrimici 6grenme beklentilerini dlgebilecek bir dlgme aracina ihtiyag olduguna karar vermislerdir.
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IIk siiriimii 44 madde halinde hazirlanan dlgme aracinin gegerlik ve giivenirlik calismalar1 yapilmistir. Gegerlik
icin goriiniis gecerligi ve kapsam gecerligi incelenmis, giivenirlik i¢in ise madde-toplam korelasyonlar1 ve
Cronbach alfa i¢ tutarlilik katsayilar1 hesaplanmustir. Goriiniis gegerligi igin 6grenciler ve uzmanlardan olusan iki
panel, dlgegi incelemis ve goriislerini belirtmislerdir. Kapsam gegerligi i¢in de, uzmanlardan olusan panelin
gorisleri temel alinmustir. Giivenirlik igin, her bir boyutun Cronbach alfa i¢ tutarlilik katsayilarinin .64 ile .95
arasinda degistigi goriilmiistiir. Madde toplam korelasyonlar1 0,25 veya daha yiiksek olan maddeler ankette
tutulmustur. Bu ilk pilot ¢alisma sonrasinda eklenen ve silinen maddeler olmus, 6lgek revize edilerek 5°1i Likert
yapida 7 faktor ve 43 maddeden olusan son sekline ulagmustir.

Harris ve arkadaslar1 (2011) tarafindan gelistirilen SEOLS-R 6l¢egi, Ogrencilerin ¢evrimigi Ggrenme
beklentilerini teknoloji yeterliligi, ¢evrimici ders ogreticisinden beklentiler, ders iceriginden beklentiler, sosyal
etkilesim beklentileri, ders gezinimi beklentileri, basarili bir ¢evrimici 6grenmeyi kolaylagtiricilar, ders iletim
sistemine dair yeterlilikler boyutlarinda 6lgmeyi amaglamaktir. Teknoloji yeterliligi alt boyutu kisinin bilgisayar
kullanimimna iligkin temel becerilere ne diizeyde sahip oldugunu belirlemeyi amaglamaktadir. Bu alt boyuttan
ornek bir madde “Kendi basima kisisel bilgisayar kullanabilirim.” seklindedir. Cevrimi¢i ders 6greticisinden
beklentiler alt boyutu, katilimcilarin g¢evrimi¢i ders Ogretmeninden ders Ogretimi siirecinde beklentilerini
belirlemeyi amaglamaktadir. Bu alt boyuttan 6rnek bir madde “Ogretim elemanminin, dersin hedeflerini agik¢a
belirtmesini beklerim.” seklindedir. Ders igeriginden beklentiler, 6grencilerin ¢evrimici dersin nasil islenmesi
gerektigine dair beklentilerini 6l¢meyi amaglamaktadir. Bu alt boyuttan 6rnek bir madde “Cevrimici dersin bana
aktif 6grenme olanaklar: sunmasin beklerim. ” seklindedir. Sosyal etkilesim beklentileri, katilimeilarin ¢evrimici
o0grenme ortaminda nasil sosyal iliskiler olmasi gerektigine iliskin beklentilerini igermektedir. Bu alt boyuttan
ornek bir madde “Swnif arkadaslarimla cevrimici etkilesimlerimin, yiiz yiize arkadaglarim kadar sik olmasim
beklerim.” seklindedir. Ders gezinimi beklentileri, katilimcilarin dersin yonerge ve materyallerine kolayca
ulasabilme, ders konu bagliklarinin ve ders forumlarinin agik ve anlagilabilir olmasina iligkin beklentilerini
Olegmeyi amaglamaktadir. Bu alt boyuttan bir 6rnek madde “Ders materyallerini kolayca bulabilmeyi beklerim.”
seklindedir. Basarili bir ¢evrimi¢i 6grenmeyi kolaylagtiricilar alt boyutu ise ¢evrimi¢i dgrenme siirecinde
katilimcilarin basarili olmalarmi kolaylastiran aile, arkadas ortami, ¢evrimigi derse iliskin olumlu faktorler ve
kisisel faktorlerin roliiniin ne diizeyde oldugunu belirlemeyi amaglamaktadir. Bu alt boyuttan 6rnek bir madde
“Arkadas destegine sahip olmamin, bu egitimde basarili olmami sagladigini diistiniiyorum.” seklindedir. Son
olarak, ders iletim sistemine dair yeterlilikler, katilimcilarin ¢evrimi¢i 6grenme ortamlarinin mesaj atma, 6dev
yiikleme, tartigma forumlarini kullanma gibi 6zelliklerini kullanabilmekte ne diizeyde yeterli olduklarma iliskin
algilarin1 6lgmeyi amaglamaktadir. Bu boyuttan 6rnek bir madde “Cevrimigi ortamda, "6dev yiikleme" 6zelligini
kullanmada yeterliyim.” seklindedir. SEOLS-R yukarida belirtildigi gibi 7 alt boyuttan olusan bir 6lgme aracidir.
Katilimeilar her bir alt boyutta yer alan dlgek ifadelerine katilma derecelerini Kesinlikle Katilmiyorum’dan (1),
Kesinlikle Katiliyorum’a (5) uzanan se¢eneklerden birini isaretleyerek belirtmektedir. Her bir alt boyuttan alinan
puanlarin artmas, ilgili alt boyuta iligkin katilimcilarin degerlendirmelerinin olumlu ya da beklentilerinin yiiksek
oldugu anlamma gelmektedir. Olgekten en az 43, en ¢ok 215 puan alinabilmektedir.

2.3. Olgegin Tiirk¢e Formunun Hazirlanmas:

SEOLS-R’nin uyarlanmasi amaciyla ilk olarak lgek sahipleriyle e-mail yoluyla iletisime gegilerek 6lgegin
uyarlanabilmesi i¢in gereken izin ahnmustir. Tkinci asamada, Slgegin ceviri islemi gerceklestirilmistir. Olgegin
ceviri islemlerinin gerceklestirilmesinde Brislin (1970) tarafindan 6nerilen islem adimlar1 takip edilmistir. Tlk
olarak, 6zgiin dlcek arastirmacilar tarafindan Tiirkce diline cevrilmis, daha sonra Bilgisayar ve Ogretim
Teknolojileri Egitimi bdliimiinde gorev yapmakta olan Tiirkge ve Ingilizce dillerine hakim, dlgek gelistirme ve
uyarlama ¢aligmalar1 hakkinda bilgi sahibi olan bagka bir arastirmaci tarafindan geri c¢eviri islemi
gercgeklestirilmigtir. Bu arastrmacinin uzaktan egitimde ¢evrimigi ders verme deneyimi olup, ayn1 zamanda da
Uzaktan Egitim Uygulama ve Arastirma Merkezinde yoneticilik gorevi bulunmaktadir. Ugiincii asamada, geri
ceviri iglemi yapilan taslak olgek ile 6zgiin dlgek karsilastirilmig ve uzlagsma saglanamayan smirlt sayida
maddenin yeniden terciimesi yapilmistir. Daha sonra arastirma konusuna asina olmayan ancak Ingilizce diline
hakim baska bir arastirmaci tarafindan geri ¢eviri iglemi gergeklestirilmis ve 6zglin 6lcekteki maddelerle
karsilastirilmasi saglanmistir. Bu siire¢ sonunda geri ¢eviri islemi gerceklestirilen maddelerle ve 6zgiin 6lgekteki
maddelerinin ayni oldugu goriilmiistiir. Gelinen bu noktada terimler veya kavramlar acisindan diller arasinda
anlamsal veya kavramsal esdegerlik eksikligi olmadigi goriilmiistiir. SEOLS-R’nin, Tiirk¢e diline uyarlanmasini
takiben 6lgegin gecerligi ve gilivenirligi incelenmistir.

2.4. Verilerin Analizi

SEOLS-R’nin yapt gegerligini incelemek amaciyla dogrulayici faktér analizi gergeklestirilmistir.
Alanyazinda iki tiir faktor analizi, dlgeklerin yapr gecerliklerinin test edilmesinde siklikla kullanilmaktadir
(Brown, 2015; Harrington, 2009). Bunlar sirasiyla agimlayici faktdr analizi ve dogrulayici faktdr analizidir.
Acimlayict faktor analizi aragtirmacilarin faktor yapisi hakkinda dnceden ¢ok az bilgi sahibi olduklar1 ya da hig
bilgi sahibi olmadiklar1 6lgeklerin faktdr yapisini belirlemek, baska bir ifadeyle teorik bir yapi gelistirmek
amaciyla kullandiklar1 ¢ok degiskenli istatistiksel bir yontem iken, dogrulayici faktdr analizi ise var olan bir
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teorik yapimin farkl bir 6rneklemde ya da kiiltiirde benzer olup olmadigmi test etmek amaciyla kullanilan ¢ok
degiskenli istatistiksel bir yontemdir (Brown, 2015). Acimlayic1 faktdr analizinde Olgegin faktor yapisi
bilinmezken, dogrulayici faktor analizinde bilinen bir faktoér yapisinin farkl bir kiiltiirde ya da 6rneklemde test
edilerek benzer olup olmadig: belirlenmeye c¢aligilmaktadir. Bu ¢aligmada benzer sekilde, SEOLS-R’nin, Harris
ve arkadaslar1 (2011) tarafindan belirlenen faktor yapismin Tirk kiiltiirinde benzer olup olmadigini
belirleyebilmek amaciyla dogrulayici faktdr analizi kullanilmistir.

Bu c¢alismada dogrulayici faktor analizinin yiiriitilmesinde Mplus (Muthén ve Muthén, 2011) programimdan
yararlanilmigtir. Katilimcilarin SEOLS-R  maddelerine verdikleri cevaplar ortalamaya ve varyansa gore
diizeltilmis agirhiklandirilmis en kiiciik kareler tahmin yontemi (Weighted Least Squares Means and Variance
Adjusted - WLSMV) kullanilarak analiz edilmistir. Arastirmacilar, dogrulayici faktér analizinde siklikla
kullanilan maksimum olabilirlik tahmin yonteminin, normal dagilim gostermeyen ya da sinirli sayida cevaplama
kategorisine sahip, siralama tipi 6l¢ek maddeleriyle kullanildiginda dogru olmayan sonuglar verebilecegini
belirtmektedir (Finney ve DiStefano, 2006). Alanyazinda WLSMYV tahmin yonteminin smirli sayida cevaplama
kategorisine sahip Likert tipi dlgeklerde, daha dogru faktor yiik degerleri tahminleri, daha dogru uyum iyiligi
indeksleri sundugu, normal dagilim gostermeyen ve kiigiik drneklem biiyiikliiklerinde daha iyi performans
sergiledigi belirtilmektedir (Beauducel ve Herzberg, 2006). Bu baglamda, SEOLS-R maddelerinin sinirli sayida
cevaplama kategorisine sahip, Likert tipi 6lcek maddelerinden olustugu dikkate almnarak bu ¢alismada WLSMV
tahmin yontemi kullanilmistir. Dogrulayici faktor analizinde test edilen modelin model veri uyumu uyum iyiligi
indeksleri araciligiyla incelenmektedir. Mplus programi, WLSMV tahmin yontemi kullanildiginda rapor
edilmesi Onerilen dort farkli uyum iyiligi indeksi olusturmaktadir (McDonald ve Ho, 2002). Bunlar sirasiyla Ki-
karenin serbestlik derecesine orani (y°/sd), Yaklasik Hatalarm Ortalama Karekokii (RMSEA), Karsilagtirmali
Uyum indeksi (CFI), Normlastirilmanus Uyum Indeksi (Non Normed Fit Index [NNFI] veya Tucker-Lewis
Index [TLI]) uyum iyiligi indeksleridir. TLI, alanyazinda NNFI olarak da bilinmektedir (Cangur ve Ercan,
2015). Little (2013), Mplus yaziliminda TLI indeksinin, LISREL yazilimmda ise NNFI’nin raporlandigini,
ikisinin de farkli zamanlarda farkl arastirma gruplar tarafindan gelistirilmekle birlikte, arastirmalarda kullanimi
sirasinda tercihin yazarlara ait oldugunu ifade etmektedir.

Alanyazinda model veri uyumunu degerlendirmek icin genel bir kural olarak, x*/sd degerinin 2’den biiyiik ve
5°ten kiigiik ya da esit olmas1 (2<y?/sd<5), RMSEA degerinin .05 ile .08 arahiginda olmas1 (0.05<RMSEA<0.08)
kabul edilebilir uyuma igaret etmektedir. Diger taraftan CFI ve TLI degerleri i¢in kabul edilebilir uyum degerleri,
.90 ve iizeri olmasidir (Hu ve Bentler, 1999; Kline, 2011; Marsh, Balla ve McDonald, 1988; McDonald ve
Marsh, 1990). Yukarida belirtilen indeksler i¢in mitkemmel uyum degerleri ise xz/sd orani i¢in 2'nin alt1, CFI ve
TLI igin .95 ve iistli, RMSEA igin .05 ve alt1 olarak belirtilmektedir (Hu ve Bentler, 1999; Kline, 2011; Marsh,
ve ark., 1988; McDonald ve Marsh, 1990).

Arastirma verilerinin dogrulayict faktoér analizi ile incelenmeye baglanmasindan 6nce toplanan veriler
incelenmistir. Veri ayiklamaya gerek olup olmadigi goz Oniine alinmustir. Veriler ¢evrimigi ortamda toplandigi
icin tiim sorularin yanitlanmasi saglanmistir. Bu nedenle kayip veri bulunmamaktadir. Veri setinde u¢ deger de
yer almadigi i¢in, herhangi bir veri ayiklama yapilmamistir. Toplanan veri seti analize oldugu gibi dahil
edilmistir.

Faktor analiz Oncesinde verinin analize uygunlugunu sinayabilmek igin Kaiser-Meyer-Olkin (KMO)
orneklem uygunlugu testi ile Bartlett’in Kiiresellik testi gergeklestirilmigtir. KMO degerinin .856 ve
X2=8877.664; p<.05 oldugu goriilmiistiir. Bu istatistikler, verinin faktorlesebilecegine ve 6rneklem genisliginin
uygunluguna isaret etmektedirler.

SEOLS-R’nin giivenirligi ise madde toplam korelasyonlari, Cronbach Alfa i¢ tutarlilik katsayilar1 ve birlegik
giivenirlik katsayilar1 araciligiyla incelenmistir.

3. Bulgular

Bu kisimda 6nce SEOLS-R olgeginin Tiirk¢e formuna ait yapi1 gegerligi bulgulari, daha sonra giivenirlik
bulgular1 sunulmustur.

3.1. Gegerlik Bulgularn

SEOLS-R’nin Harris ve arkadaslar1 (2011) tarafindan nerilen yedi faktorli yapismin Tiirk kiiltiirii i¢in de
gegerli olup olmadigmin anlagilabilmesi i¢in dogrulayic1 faktor analizi gergeklestirilmistir. Dogrulayici faktor
analizi gergeklestirilmeden 6nce, modelin tanimlanabilmesi amaciyla her bir maddenin faktdr varyanslari 1’e
sabitlenmis ve faktorlerin birbiriyle iliskili olmasina izin verilmistir. Bunun sebebi, 6l¢ekteki her bir yapmin
mutlaka Olgeklenmesine firsat sunmak ve Olgek belirsizligini Onlemektir. Brown’a (2015) gore faktor
varyanslarini 1’e sabitlemek, modeli tanimlamaktadir ve parametre tahminleri girdi matrisini mitkemmel bir
sekilde yeniden iiretmeyi saglamaktadir. Gergeklestirilen dogrulayict faktor analizi sonucunda, test edilen
modelin veri uyumunun kabul edilebilir diizeyde oldugu goriilmiistiir [%(839): 1865.877, °/sd: 2.224, CFI: .938,
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TLI: .934, RMSEA: .055, RMSEA %90 Giiven Aralig1 Alt Smir: .051, RMSEA %90 Giiven Araligi Ust Smir:
.058]. Bu uyum degerleri, herhangi bir modifikasyona gerek kalmadan tek seferde elde edilen uyum degerleridir.

Tablo 1. Dogrulayici faktor analizi sonuglari

A S.H. Z R’
TY (Faktor 1)
M1 779 .036 21.940 .607
M2 .768 .033 23.258 591
M3 .908 .026 34.378 .825
M4 .894 .020 44.473 .800
M5 .883 .030 29.826 .780
M6 .943 .018 52.576 .890
M7 .898 .026 33.961 .806
CDOB (Faktor 2)
M8 .673 .047 14.312 453
M9 .783 .044 17.784 .613
M10 740 .040 18.362 .548
M11 174 .045 17.272 .599
M12 718 .041 17.400 516
M13 782 .037 20.851 .611
M14 .898 .023 39.316 .807
M15 .946 .026 36.633 .895
M16 524 .049 10.682 275
DIB (Faktor 3)
M17 .693 .045 15.232 480
M18 .789 .037 21.076 .622
M19 .636 .036 17.588 405
M20 578 .038 15.081 334
M21 .760 .029 26.498 577
M22 773 .032 24.328 597
M23 .798 .028 28.338 .637
SEB (Faktor 4)
M24 .808 .023 35.243 .653
M25 .819 .064 12.827 671
M26 .856 .017 49.221 732
M27 .908 .017 53.869 .825
M28 .845 .021 39.956 714
DGB (Faktéor 5)
M29 764 .043 17.829 .584
M30 792 .033 23.854 .627
M31 .854 .030 28.387 .730
M32 .818 .043 18.997 .669
M33 .867 .034 25.171 752
BBCOK (Faktor 6)
M34 .785 .030 26.339 .616
M35 773 .029 26.961 .598
M36 .696 .034 20.233 484
M37 510 .048 10.670 .260
M38 .967 .013 72.752 .936
M39 .940 .015 64.782 .884
DISDY (Faktér 7)
M40 .846 .022 38.895 715
M41 .887 .016 54.929 787
M42 916 .014 63.437 .838
M43 .835 .022 37.598 .698

Not: TY: Teknoloji yeterliligi, CDOB: Cevrimigi ders égreticisinden beklentiler, DIB: Ders igeriginden beklentiler, SEB: Sosyal etkilesim
beklentileri, DGB: Ders gezinimi beklentileri, BBCOK: Basarili bir ¢evrimici 6grenmeyi kolaylastiricilar, DISDY: Ders iletim sistemine dair
yeterlilikler. Tim kritik degerler en az p<.001 diizeyinde anlamlidir.
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Tablo 1’de dogrulayict faktdr analizi sonucu elde edilen madde faktdr yiik degerleri, madde faktor yiik
degerlerinin standart hatalari, kritik degerler ve R? degerleri goriilmektedir. R? degerleri test edilen model
tarafindan aciklanan maddedeki varyans miktaridir (Kelloway, 2015).

Tablo 1’de goriildiigi gibi, teknoloji yeterliligi alt boyutunda standardize edilmis madde faktor yiik degerleri
.78 ile .94 arasinda degisirken, g¢evrimigi ders Ogreticisinden beklentiler alt boyutunda .67 ile .95, ders
iceriginden beklentiler alt boyutunda .58 ile .80, sosyal etkilesim beklenti alt boyutunda .81 ile .91, ders gezinimi
beklentileri alt boyutunda .76 ile .87, basarili bir ¢gevrimi¢i 6grenmeyi kolaylastiricilar alt boyutunda .51 ile .97,
ders iletim sistemine dair yeterlilikler alt boyutunda .84 ile .92 arasinda degismektedir. Test edilen 7 faktorlii
modele iligkin tiim z degerleri en az p<.001 diizeyinde anlamhdir. Ayn1 zamanda R? degerlerinin de .26 ile .94
arasinda degistigi goriilmektedir. Bu bulgular bir biitiin olarak degerlendirildiginde, dlgegin yedi faktorlii yap1
i¢in iyi bir uyum sergiledigine isaret etmektedir. SEOLS-R 06lgeginin Tiirkge esdeger formunun faktor yiikleri
biitiinciil olarak Sekil 1°de sunulmustur.

3.2. Giivenirlik Bulgulan

SEOLS-R’nin yap1 gegerliginin dogrulanmasmin ardindan, giivenirligi ise madde toplam korelasyonlari,
Cronbach Alfa i¢ tutarlilik katsayilar1 ve birlegik glivenirlik katsayilariyla incelenmistir. Tablo 2’de her bir alt
boyutun madde toplam korelasyonlar1 ve Cronbach Alfa i¢ tutarlilik katsayilar1 goriilmektedir.

Tablo 2. SEOLS-R madde toplam korelasyonlari ve Cronbach Alfa i¢ tutarlilik katsayilari

r r
TY (Faktor 1) CDOB (Faktor 2)
M1 .59 M8 40
M2 .60 M9 51
M3 71 M10 51
M4 .69 M11 54
M5 .65 M12 49
M6 .70 M13 .56
M7 .61 M14 .55
Cronbach Alfa (a) .86 M15 51
M16 .33
Cronbach Alfa (o) a7
DIB (Faktor 3) SEB (Faktor 4)
M17 40 M24 .68
M18 .53 M25 .20
M19 48 M26 74
M20 A7 M27 .80
M21 .63 M28 .70
M22 .55 Cronbach Alfa () .83
M23 .64
Cronbach Alfa (o) .79
DGB (Faktér 5) BBCOK (Faktor 6)
M29 42 M34 46
M30 49 M35 A4
M31 .63 M36 46
M32 .50 M37 .34
M33 .63 M38 61
Cronbach Alfa (o) 74 M39 .56
Cronbach Alfa (o) 74
DISDY (Faktér 7)
M40 .69
M41 .78
M42 .83
M43 .69
Cronbach Alfa (o) .88

Not: TY: Teknoloji yeterliligi, CDOB: Cevrimigi ders dgreticisinden beklentiler, DIB: Ders igeriginden beklentiler, SEB: Sosyal etkilesim
beklentileri, DGB: Ders gezinimi beklentileri, BBCOK: Basaril1 bir ¢evrimici 6grenmeyi kolaylastiricilar, DISDY: Ders iletim sistemine dair
yeterlilikler, = madde toplam korelasyonlari.
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Sekil 1. SEOLS-R 6l¢eginin Tiirkge esdeger formunun faktor yiikleri
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Tablo 2’de goriildiigii gibi teknoloji yeterliligi alt boyutu madde toplam korelasyonlar1 .59 ile .71 arasinda,
gevrimigi ders dgreticisinden beklentiler alt boyutu .33 ile .66, ders igeriginden beklentiler alt boyutu .40 ile .64
arasinda, sosyal etkilesim beklentileri alt boyutu .20 ile .80, ders gezinimi beklentileri alt boyutu .42 ile .63
arasinda, basarili bir ¢evrimi¢i 6grenmeyi kolaylastiricilar alt boyutu .34 ile .61, ders iletim sistemine dair
yeterlilikler alt boyutu .69 ile .83 arasinda degismektedir. Arastirmacilar madde toplam korelasyonlarinin en
diisiik .20 ve tizerinde olmasin1 6nermektedir (Biiylikoztiirk, 2010; Nunnally ve Bernstein, 1994). Madde toplam
korelasyonlarinin pozitif ve yiiksek olmasi, maddenin benzer davraniglar1 6rnekledigi ve testin i¢ tutarliliginin
yiiksek oldugu anlamina gelmektedir (Alig, 2017). Bu baglamda, SEOLS-R alt boyutlarinin madde toplam
korelasyonlari incelendiginde tiim maddelerinin yeterli diizeyde madde toplam korelasyonuna sahip oldugu
soylenebilir. SEOLS-R alt boyutlarinin i¢ tutarlilik katsayilar1 incelediginde teknoloji yeterliligi alt boyutunun
.86, ¢evrimici ders Ogreticisinden beklentiler alt boyutunun .77, ders igeriginden beklentiler alt boyutunun .79,
sosyal etkilesim beklentileri alt boyutunun .83, ders gezinimi beklentileri alt boyutunun .74, basarili bir ¢evrimigi
o0grenmeyi kolaylastiricilar alt boyutunun .74, ders iletim sistemine dair yeterlilikler alt boyutunun .88
Cronbanch Alfa i¢ tutarlilik katsayisina sahip oldugu goriilmiistiir. Genel bir kural olarak arastirmacilar .70 ve
tizerinde Cronbach Alfa i¢ tutarlilik katsayisma sahip 6l¢me araglarmin arastirma amaciyla kullanilabilecegini
belirtilmektedir (DeVellis, 2012; Nunnally ve Bernstein, 1994). Bu baglamda, dlgegin tiim alt boyutlarinin
aragtirma amactyla kullanilabilecegi sdylenebilir.

SEOLS-R 6lgeginin toplam puan ve faktorler arasindaki korelasyon degerleri Tablo 3’de sunulmustur.

Tablo 3. SEOLS-R 6l¢eginin toplam puan ve faktorler arasindaki korelasyon degerleri (N=411)

Faktor TY CDOB DiB  SEB DGB  BBCOK pispy  'oplam
isimleri Puan
TY 8707 467"
CDOB 262" 7697 641"
DIiB 077 432" 7227 7417
SEB 044 304" 620" .848” 680"
DGB 192" 483" 316° 3217 8207 568"
BBCOK 143" 206" 351" .359° 286" 793” 637"
DiSDY 457" 297" 330" 2117 232" 310" 872" 652"

Not: TY: Teknoloji yeterliligi, CDOB: Cevrimigi ders égreticisinden beklentiler, DIB: Ders igeriginden beklentiler, SEB: Sosyal etkilesim
beklentileri, DGB: Ders gezinimi beklentileri, BBCOK: Basarili bir ¢evrimici 6grenmeyi kolaylastiricilar, DISDY: Ders iletim sistemine dair
yeterlilikler

“p<.01 (2 yonlii) ~ Ortalama agiklanan varyansin karekokii

Tablo 3 incelendiginde teknoloji yeterliligi (TY) ve ders gezinimi beklentileri (DGB) faktorlerinin toplam
puanlar ile orta diizeyde iligski gosterdigi, diger faktorler ile toplam puanlar arasinda ise yiiksek diizeyde bir iliski
oldugu goriilmektedir. Yapilar arasindaki korelasyonlar incelendiginde ise tiim korelasyonlarin pozitif yonli
oldugu, sadece ders iceriginden beklentiler (DiB) ve sosyal etkilesim beklentileri (SEB) faktorleri ile teknoloji
yeterliligi arasindaki iligkilerin istatistiksel olarak anlamli olmadigi, diger tiim iligkilerin ise p<.01 diizeyinde
anlamli oldugu bulgusuna ulasilmigtir. Tablo 3’de goriilen korelasyon matrisinin diyagonal degerleri ise
ortalama agiklanan varyansin karekokiinii ifade etmektedir. Fornell ve Larcker (1981) ayirt edici gegerligin, her
bir yapiya iligkin ortalama agiklanan varyansin karekdkiiniin, o yap1 ve diger yapilar arasindaki korelasyonlardan
daha biiylik olmasiyla saglanabilecegini ifade etmektedir. Buradan hareketle Tablo 3 incelendiginde, tiim
yapilara iliskin olarak ortalama agiklanan varyansin karekokiiniin, o yap1 ve diger yapilar arasindaki
korelasyonlardan daha biiyiik olmasi nedeniyle ayirt edici gecerligin saglandigi sdylenebilir.

SEOLS-R dlgeginin faktorlerine iligkin ortalama agiklanan varyans (average variance explained) ve birlesik
giivenirlik katsayilar1 (composite reliability coefficient) Tablo 4’de sunulmustur.

Tablo 4. SEOLS-R 6l¢eginin faktorlerine iligkin ortalama agiklanan varyans ve birlesik giivenirlik katsayilari

Faktor isimleri Ortalama Aciklanan Varyans Birlesik Giivenirlik Katsayilar
TY 757 .956
CDOB 591 927
DIB 522 .883
SEB 719 .927
DGB .672 911
BBCOK .629 .908
DISDY 760 927

Not: TY: Teknoloji yeterliligi, CDOB: Cevrimigi ders dgreticisinden beklentiler, DiB: Ders igeriginden beklentiler, SEB: Sosyal etkilesim
beklentileri, DGB: Ders gezinimi beklentileri, BBCOK: Basarili bir ¢evrimici dgrenmeyi kolaylastiricilar, DISDY: Ders iletim sistemine dair
yeterlilikler
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Tablo 4 incelendiginde, ortalama aciklanan varyans degerlerinin .522 ile .760 araliginda degistigi
goriilmektedir. Yakimsama gecerligi i¢cin Fornell ve Larcker’in (1981) o6nerdigi, ortalama agiklanan varyans
degerlerinin ve her bir maddeye iligskin faktor yiiklerinin .50°den biiyiik olmasi kriterleri temel alindiginda, Tablo
2’de goriilen faktor yiikleri ve Tablo 4’de goriilen ortalama agiklanan varyans degerlerinin tamaminin .50’den
biiyiikk oldugu ve buradan hareketle de yakinsama gegerliginin saglandigi sOylenebilir. Yine Tablo 4’de
goriildiigii lizere birlesik giivenirlik katsayilari, .883 ile .956 arasinda degismektedir. Bu degerler Bagozzi ve Yi
(1988) tarafindan .60 olarak belirlenen kritik degeri astig1 i¢cin yap1 giivenirliginin saglandig1 sdylenebilir. Yap1
gecerligi ve gilivenirliginin saglanmasi, uyarlanan SEOLS-R 6l¢eginin gecerli ve gilivenilir oldugu anlamina
gelmektedir. Gegerlik ve giivenirlik ¢aligmalar1 yapilarak son sekli verilen SEOLS-R 6lgeginin Tiirkge formu Ek
1’de sunulmustur.

4. Sonuclar ve Oneriler

Bu arastirmada Harris ve arkadaslar1 (2011) tarafindan gelistirilen SEOLS-R 6l¢eginin Tiirk kiiltiiriine
uyarlamasi yapilmustir. Olgegin dnerilen yedi faktdrlii yapisinin Tiirk kiiltiirii i¢in de gegerli olup olmadig1
sinanmis, elde edilen bulgular neticesinde kiiltiirel uyumun olduguna ve SEOLS-R’nin Tiirkge arastirmalarda bir
veri toplama araci olarak kullanilabilecegine karar verilmistir. Olgegin tiim boyutlar1 Sekil 2°de biitiinciil olarak
ortaya konmustur.

Cevrimici ders
ogreticisinden
beklentiler

Sosyal . p Ders

etkilesim e iceriginden
beklentileri T beklentiler
L —__ Dersiletim
Ders gezinimi sistemine
beklentileri dair
) beklentiler
Basaril bir
cevrimici Teknoloji
dgrenmeyi yeterliligi

kolaylastinalar

— - -

Sekil 2. SEOLS-R’nin faktor yapilarinin sematik gdsterimi

SEOLS-R &lgeginin uyum iyiligi indeksleri incelendiginde, ¥*(839) degerinin 1865.877, y°/sd oranmmn 2.224,
CFI degerinin .938, TLI degerinin .934, RMSEA degerinin .055, RMSEA %90 giiven aralig1 alt sinir degerinin
.051 ve RMSEA %90 giiven aralig iist sinir degerinin ise .058 oldugu goriilmistiir. Bu uyum iyiligi indeksleri,
Bentler (1990), Schermelleh-Engel, Moosbrugger ve Miiller (2003), Bentler ve Bonett (1980) ile Hu ve
Bentler’in (1999) ¢alismalarinda rapor edilen degerlere gore incelendiginde, kabul edilebilir ve iyi bir uyuma
karsilik gelmektedir. Olgegin her bir boyutuna iliskin Cronbach Alfa i¢ tutarhlik katsayilar1 ve dlgegin tiimiine
ilisgkin Cronbach Alfa i¢ tutarlilik katsayist (.897) incelendiginde Olcegin giivenirliginin da saglandigi
soylenebilir. Ozgiin dlgegin Cronbach Alfa i¢ tutarhlik katsayilarinmn da boyutlar bazinda .64 ile .95 arasinda
degistigi bilinmektedir.

Bu veri toplama aracimnin zaman zaman farkli ¢aligmalarda kullanilarak tekrar smanmasi ve gegerlik ile
giivenirliginin yeniden test edilmesi 6nerilebilir. Ayrica bu 6lgme aract zamanin belli bir aninda toplanan kesitsel
verilerle Tiirk kiiltiirline uyarlanmis olsa da, ¢evrimi¢i 6grenme ortamlarma iligkin 6grenci beklentilerini 6lgerek
baska degiskenlerle iliskisinin belirlenebilmesi amaciyla kullanilmasinda fayda vardir.

Bu 6lgegin uyarlanmasi siirecinin getirdigi katkinin daha anlamli ve ise vuruk olabilmesi adina bundan
sonraki caligmalarda SEOLS-R ile &lgiilecek bireysel beklentilerin, akademik performansla, &grenmenin
kaliciligiyla, ders tamamlama veya birakma oranlartyla iliskilendirilmesi gerekmektedir. Cevrimici uzaktan
egitim programlarinin yoneticileri, ders tasarimeilari ve ¢evrimigi derslerin 6gretmenleri, SEOLS-R'den gelen
Olgtiimlerle ¢evrimi¢i derslerin 6grenci beklentilerine yonelik olarak gelistirilmesine iligkin stratejiler
gelistirebilirler.

Yetigkin 6grenciler {izerinde bir 6lgek uyarlama caligmasi yapilmig olmakla birlikte, bu arastrmanin bir
simirliligi, daha dnce ¢evrimici bir ders alan ya da almayan dgrenciler arasinda bir farka bakilmamis olmasi, bu
anlamda karisik bir grup iizerinde gegerlik ve giivenirlik ¢ahgmalarinin yiiriitiilmiis olmasidir. Ilerleyen
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caligmalarda profesyonel ¢evrimi¢i 6grenenler veya acemiler arasindaki beklenti farkliliklarini da 6lgebilmek
adma iki ayr1 grupta Slgegin tekrar kullanilmasi ve hatta psikometrik &zelliklerinin yeniden irdelenmesi
onerilebilir. Profesyonel anlamda ¢evrimici O6grenme deneyimi olan Ogrencilerin beklentileri ile acemi
ogrencilerin beklentileri arasindaki farkliliklar belirlenerek grup dinamiklerinin de ayarlanmasi s6z konusu
olabilir.

Ulusal alanyazinda terk istatistikleri ve bu istatistiklerin terk nedenleriyle kiyaslanmasi {izerine detayli bir
arastirmaya rastlanmamistir. Bu Slgek ile nicel taramalar yapilarak daha agiklayici verilere ulasilabilir.

Ek 1. SEOLS-R Olgeginin Tiirk¢e Esdeger Formu

Olgegin Likert Derecelendirilmesi

& »

1: Kesin‘likle katilmiyorum, 2: Katilmiyorum, 3: Hem katilryorum, hem katilmryorum, 4: Katiliyorum, 5: Kesinlikle ka'tlllyorum

Boyutlar ve Maddeler
Teknoloji Yeterliligi
Kendi basima bilgisayar kullanabilirim.
Kendi basima kelime islem programi (Microsoft Word vb.) kullanabilirim.
Kendi bagima, e-posta gonderebilirim.
Kendi basima, e-postaya dosya ekleyebilirim.
Kendi bagima, internet kullanabilirim.
Kendi bagima, kisisel ihtiyaclarim i¢in internette arastirmalar yapabilirim.
Kendi bagima, derslerle (6dev, arastirma vb.) ilgili internet aramalar1 yapabilirim.

NogkrwphE

Cevrimici Ders Ogreticisinden Beklentiler

8. Ogretim elemaninin, dersin hedeflerini acikca belirtmesini beklerim.

9. Ogretim elemanmn, benden beklentileri agik¢a belirtmesini beklerim.

10. Ogretim elemaninin, dersin gereksinimlerini daha onceden belirlenmis zaman araliklarni dikkate alarak
duyurmasimi beklerim.

11. Ogretim elemanmin, devlerimi degerlendirirken yapici geribildirimler vermesini beklerim.

12. Ogretim elemaninin, tartisma forumlarina yeterli derecede katilmasini beklerim.

13. Ogretim elemaninm, ¢evrimi¢i grenme ortamlarmin kullanilmasi konusunda tesvik etmesini beklerim.

14. Ogretim elemaninin, gevrimigi ortami kullanirken uygun davranislar sergilemesini beklerim.

15. Ogretim elemaninin, g¢evrimici derslerde Ogrencilere yanitlar verirken uygun davramslar sergilemesini
beklerim.

16. Ogretim elemaninin, iletisim bilgilerini 6grencilerle paylasmasimi beklerim.

Ders Iceriginden Beklentiler

17. Cevrimigi derslerin yiiz yiize dersler kadar dikkatli bir bicimde islenmesini beklerim.

18. Cevrimigi dersin bana aktif 6grenme olanaklar1 sunmasini beklerim.

19. Cevrimigi dersin bana biiyiik grup tartismalar: sunmasini beklerim.

20. Cevrimigi dersin bana kii¢iik grup tartigmalar: sunmasini beklerim.

21. Cevrimigi dersin bana kendimi yansitma imkani sunmasini beklerim.

22. Cevrimigi dersin bana teoriyi ger¢ek hayatla iliskilendirme imkani sunmasini beklerim.

23. Cevrimigi derslerin, 6grencilerin dersle ilgili anlamli tartigmalara yonlendirmesini beklerim.

Sosyal Etkilesim Beklentileri

24. Bu ¢evrimigi dersin yeni insanlarla tanigma imkan1 sunmasini beklerim.

25. Smif arkadaslarimin yorum yaparken birbirlerine saygili davranmalarini beklerim.

26. Sinif arkadaglarimla ¢evrimigi etkilesimlerimin, yiiz yiize arkadaslarim kadar sik olmasimni beklerim.
27.Cevrimi¢i smif arkadaglarimi tanimak igin, yiiz ylize etkilesimde oldugu gibi olanaklara sahip olmay1
beklerim.

28. Sinif arkadaglarimla ¢evrimici etkilesimler hakkinda olumlu hissetmeyi beklerim.
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Ders gezinimi beklentileri

29. Cevrimici derslerde gezinmenin kolay olmasini beklerim.

30. Derslerde kullanilan forum isimlerinin agik bir bigimde ifade edilmis olmasini beklerim.
31. Ders konu bagliklarinin agik¢a belirtilmis olmasini beklerim.

32. Ders materyallerini kolayca bulabilmeyi beklerim.

33. Ders yonergelerinin agik¢a belirtilmis olmasini beklerim.

Bagsarili bir ¢evrimici ogrenmeyi kolaylastiricilar

34. Etkili zaman yonetiminin, bu egitimde basarili olmami sagladigini diisiiniiyorum.

35. Bagimsiz bir 6grenen olmanin, bu egitimde basarili olmami sagladigini diisiiniiyorum.

36. Cevrimigi derslerin, bu egitimde basarili olmamda bana esneklik kazandirdigini diisliniiyorum.
37.Bu egitimde basarili olmamda ailemin desteginin dnemli oldugunu diisiiniiyorum.

38. Arkadas destegine sahip olmamin, bu egitimde basarili olmami sagladigmi diisiiniiyorum.

39. Olumlu bir aile ortaminin, bu egitimde basarili olmami sagladigmni diisiiniiyorum.

Ders iletim sistemine dair yeterlilikler

40. Cevrimigi ortamda, "mesaj" 6zelligini kullanmada yeterliyim.

41. Cevrimigi ortamda, "6dev yiikleme" 6zelligini kullanmada yeterliyim.

42. Cevrimigi ortamda, "tartigma forumlar1" 6zelligini kullanmada yeterliyim.
43. Cevrimigi ortamda, "kaynaklar" 6zelligini kullanmada yeterliyim.
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